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Q-statistic probabilities adjusted for 2 ARMA term(s)
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Abstract. This paper aims to study and investigate the time series of inflation in Saudi Arabia covering the
period from February 1980 to September 2004, in order to identify the change pattern of inflation rate and then
to build a model for forecasting in the short run. The statistical time series stationarity tests such as ADF test
and the autocorrelation function show that the inflation rate is stationary since it is calculated as a difference of
the CPI in log form. The Box-Jenkins methodology has been applied on selected models using some statistical
tests such as the stationarity tests of the residuals and the Akaike and Schwarz criterions and the forecast errors
to choose the right model. The results show that the appropriate model is an ARMA (13,33) model which may
imply some kind of seasonality.



